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Modelling the Impact of Spread of Human
Papillomavirus Infections under Vaccination
in Kenya
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Abstract — Human Papillomavirus (HPV), a sexually transmitted virus is a collection of more
than 40 types of viruses, some of which are linked to several cancers. HPV type 16 and HPV type
18 are accountable for 70% of cervical cancer cause. Besides cervical cancer, HPV has been linked
to several cancers such as anal cancer, oropharyngeal cancer and neck cancer. Mathematical
models have been used in the evaluation of control strategies and making of health policies. Very
few mathematical models have been developed on HPV awareness in Kenya. In this study we
developed a deterministic model on the impact of HPV infection under vaccination. In this model
we incorporated an ineffective media awareness. We computed the equilibrium points of the
model and local and global stability analysis was conducted on the reproduction number. The
numerical simulation results show that the HPV infections continue to stay in the community due
to the ineffective mass media awareness. Sensitivity analysis show that the infection contact rate
B_1, and negative attitudes influencing condom use rate §_.are parameters that contribute to the
persistence of HPV infections in the community.

Keywords — Human Papillomavirus (HPV), Latin Hypercube Sampling (LHS), Partial Rank
Correlation Coefficient (PRCC).

I. INTRODUCTION

Cervical cancer is the abnormal growth of cells in the cervix. It is the 2™ highest frequent cancer after
breast cancer among women in Kenya [1]. It has caused an estimated 46000 deaths in women aged 15-49
years in developing countries [1]. Cervical cancer is caused by a virus called Human papillomavirus (HPV).
There are about 40 types of HPV [2]. These are classified as high-risks as they are oncogenic that is cancer
causing and low risk strains which are non-oncogenic. The high-risk strains of HPV are 16, 18, 31, 33, 35,
39, 45, 51, 52, 56, 58, 59 and 66 [1]. HPV 16 and 18 are accountable for 90% of cervical cancer cause [3].
HPV 16 is also found in 90% of neck and head related cancers [4]. HPV infections are asymptomatic and
may clear within one year, especially if the host has a strong immune system but some persist for decades
and result in cancer cells [5]. Mass media is any mode of transmitting information so it gets to as many
people as possible. There are four categories of mass media which include print media, broadcast media,
outdoor media and digital media [6]. Controlling the spread of HPV to minimize the increase in infections
is a crucial mandate in the health sector. This can be attained by getting vaccinated and effective media
awareness [7]. The media campaigns will educate people about HPV, the diseases that it causes and how
one can contract it. Research studies done on media awareness and healthy behavior have found out that
media awareness bring forth a good change in behavior and even put a stop to undesirable behavior change
in people [8].It has also been observed that the details and facts about a disease passed on by the media is
a crucial factor that ascertains if an immunization campaign will be successful or not [9]. Pervasive
broadcasting of societal challenges by the media could result to desensitization to media reports that is a
decreased reaction to a detrimental stimulus after frequent exposure [10]. Reference [11] analysed the effect
of media crusades on the transmission of illness in a population that kept fluctuating due to migration. They
modelled media awareness as a separate compartment. This model showed that the disease-fee equilibrium
is stable when the reproduction number R,<1 and becomes unstable when R,>1.Their analysis showed that
endemic equilibrium was locally and also nonlinearly stable under defined circumstances. They concluded
that the media awareness crusades are valuable in reducing the transmission of infectious diseases by
secluding a proportion of susceptible from those infected. Reference [12] did research on the repercussions
of media coverage on the transmission of influenza. They proposed a deterministic transmission and
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vaccination model where the population was divided into different categories depending on their disease
status. In the model they included the impact of media coverage on reporting the number of infections
together with the number of people vaccinated successfully. They found out that the media can set off an
immunization fear if the vaccine is flawed and messages that were simplified resulted to the immunized
interacting with the infected with no concern to disease risk. They concluded that simplified understandings
of disease epidemiology propagated through media, make the spread of the epidemic worse. Reference [13]
presented a study on the analysis of interrelation between two processes accounting for the spreading of a
disease and the spreading of information awareness to prevent its infection. They included immunization
and presence of a mass media awareness in their model. They found out that the immediacy of awareness
when infected has no effect on the dynamics; the other two factors namely degree of immunization of aware
individuals and mass media did change the critical aspects of disease spreading. Reference [ 14] investigated
how the spread of awareness caused by a first-hand contact with a disease affects the spread of the disease.
They showed that in a social network, the spread of awareness and the resulting reduction in susceptibility
doesn’t lower the incidence of the disease but in some cases can prevent onset of epidemics implying that
awareness can act as an effective measure of disease control. Reference [15] conducted a study to compare
two strategies for controlling the spread of HPV in the American population. The research is conducted via
a cost analysis of a mandatory vaccination policy with individual-based awareness versus a voluntary
vaccination with a mass media awareness campaign. For the latter strategy they modelled it as
compartments for aware and unaware individuals in each disease state. They came to the conclusion that a
high transmission rate and a high reproduction rate require a high efficacy of media awareness and high
vaccine coverage to eliminate the HPV virus. A research study on the impact of awareness on dynamics of
infectious diseases was carried out by [16]. They divided the overall population into six compartments:
unaware susceptible, unaware infected, unaware recovered, aware susceptible, aware infected and aware
recovered. They included two types of awareness in the model namely private awareness and public
awareness. The private awareness was associated with direct contacts between unaware and aware
populations whereas public awareness involved mass media awareness campaigns. The results obtained
showed that both private and public awareness have the capacity to reduce the spread of disease by
increasing the threshold for onset of a stable endemic steady state characterized by persistent infection. The
faster people lose awareness (that is the larger is the unaware population), the higher is the overall rate of
infection as manifested by the disease endemic state. The presence of awareness causes corresponding
behavioral change in the population which in turn causes the reduction in the size of disease outbreaks. The
spread of private awareness or public awareness helps to control or minimize the spread of diseases. A
number of mathematical models have been proposed to analyse the effects of information and awareness
on the spread of epidemics. Some of these models have modelled awareness explicitly as a separate
compartment while others have incorporated it as a direct modification of the disease transmission rate [16].

To the best of the author’s knowledge, very limited attention has been given to study the impact of HPV
infections under vaccination in Kenya. Therefore, motivated by the above studies, this paper is focused on
that. We use a slightly different approach used by [16] where we introduce distinct compartments for
unaware and aware individuals in susceptible, infected and vaccinated disease states. In this paper, we
propose a deterministic model on the impact of HPV infections under vaccination in Kenya in the presence
of an ineffective mass-media awareness.

II. MODEL FORMULATION

We formulate a deterministic model with seven compartments. These are: S-Susceptibles,individuals
who do not have the infection and are unaware of the infection, S, —Individuals who don’t have the
infection but are aware of existence of HPV infection,l, —Individuals who are vaccinated and
aware,V —Individuals who are vaccinated and have no awareness as it has worn off, I —Infected, they have
the infection and are unaware of the infection, I, —Infected and aware, T —Treatment, they undergoing
treatment. In the susceptible class S we have persons joining at the rate A the natural birth rate and they are
unaware of HPV infections as they haven’t heard of it. Some of the susceptible become aware about the
disease from the media, seek treatment options such as undergoing for cancer screenings and they join S,
at the rate ¢p,T.The ones who responded to the media awareness campaigns get themselves vaccinated and
join class V, at the rate y. Once this awareness “wears off”’, some women will move to the V class at the
rate A, and back to V,, at the rate ¢p,. We also assume that some susceptibles heeded to the media campaigns
and they reduced sexual activity (have one faithful partner), however they did not get vaccinated perhaps
because they cannot afford the cost of the vaccine hence, they remain in S,. Once the awareness wears off,
the aware susceptibles move back to class S at the rate A,. Those who are neither vaccinated nor aware may
get infected through interactions with people from both the classes I and I, ; and they move to I class at
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the rate 5. The aware susceptible S, also may get infected and move to I at the rate 5. The incidence contact
rate [ are given as

I1+6¢ 1g
ﬁ :»81( ~ ) (1)

where f; is the average contact rate and §, is the negative attitudes towards condom use rate.

Condom use rate reduces the spread of the disease by the individuals in I,. However due to negative
attitudes affecting efficacy of condom use by the aware infected, they help move the susceptibles to the
infected compartment. These negative attitudes include religion and peer influence [17]. The infected who
become aware move to class I,. Once the awareness wears off, they may revert to doing the practices that
encourage further spread of the HPV infections thus they move back to class I. From the ongoing media
campaigns, those infected in class I, may go to hospitals to get screened for cancer. If they happen to have
cancer and it is detected early, they proceed to class T at the rate 7, . If they die from the HPV infection then
they leave the infected class at rate a. All individuals that die from natural death leave the classes at the rate
p. HPV virus has no cure. However, the disease/ infections that arise from HPV, their manifestations can
be treated for a better quality of life. Therefore, the treatment class is for treating the disastrous
manifestations of HPV and not cure it. Once these manifestations of HPV are treated, the individuals
recover and move back to class I, at the rate 7,.

A. Model Equations

uo|A u +a u+a
4 S B I A3 I
¢3 4
A
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T
Va 4 Sa
u u
u

Fig.1. Flow chart of HPV infections under vaccination.

B. Model Assumptions

The assumptions for this model are:

e  There is a homogeneous mixing of people and individuals become infected with HPV after contact
with a person from the infected classes.

e There is a vaccination programme being carried out by the government.

e When an individual who does not have the HPV infection is vaccinated, they automatically
become immune to the virus. Vaccinating infected individuals gives no immunity to the virus.

e HPV infections that we deal with in this research are the ones caused by HPV 16 and 18.

e The ongoing mass-media awareness is not effective (o = 0) thus some aware susceptibles get
infected with HPV and join the infected class.

e  The population in model is restricted to a female population.

The equations that describe this model are:

das

2 = A+ 1,8, — $,TS — S — uS
dSg

dt = ¢2TS - ﬁSa - 771'S‘a

dl

&= BS + BSq + Agly — sl
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dlg

T dsl+ 7, T —n3l, (2
av

i MV —n,V

av

L =VSat $1V =15V,

dr

i Tl — (W +71)T

wherewe letn, = A, +y+u,n, =¢s+pu+a, 3=+t +pu+a,n,=¢; +pandns =1, +pu.

III. POSITIVITY OF SOLUTIONS

We use the theorem below to show the positivity of the model

Theorem 3.3.2. Let the initial data be given as {S(0) > 0,5,(0) > 0,1(0) > 0,/,(0) > 0,V(0) >
0,V,(0) > 0,T(0) > 0 }. Then the solutions of the model system (4.1) are nonnegative for all t > 0.

Proof

We begin with our first equation of model system (2) which is given by
ds

D = A+ 1,8, — $,TS — S — uS
With 4,5, = 0 for all t = 0 and thus the above equation becomes
S <A—¢,TS—pS—uS 3)
(3) can be rewritten as
Efs@exp [} (B@ +¢.T@)dS +ut)|} < Aexp [ [ (BQ) + $.T@)dT + | (@)
Hence

S(t) <S(0)exp [_ fgtl(ﬁ(() + ¢, T({)d + ,utl] + exp [— (fotl([)’(() + ¢, T(0)d] +
utl)] [ Jy " Aexp[(JT(B(Q) + ¢,T()dS + Mp)]dp] >0 )

Since the right-hand side of (5) was positive, the solution S(t) would always remain positive for all
t > 0. Similarly, it can be shown that S,, I, 1,,V,V,, T are positive for all t > 0. This completes our proof.

IV. HPV REPRODUCTION NUMBER

From the model system (2) we consider the infectious compartments below.
2= BS + BSy + Al — (3 + 1+ @)l
dl,
E:¢3I_(/13 +otu+a)l, (6)
Using the notation in [ 18], the matrices that represent new cases of infections,F and transfer of infections,

V are given by

F = 0 0 0 and V= _¢3 E} 0

0 -5 (u+71)

0 0 o0
The reproduction number is the largest eigen value of the matrix FV =1 and that is
B1A(m3+6:¢3)
Ry = —=———= 7
O u(nzns-13¢3) )

RO = R[ + ng,
R; is the reproduction number of the infected individuals and R 1, 18 the reproduction of the infected aware
. _ AB1cds . ABy _ A3 ¢s3
individuals where R, = . R, P and k Tattititd) Gatutd)

V. HPV FREE EQUILIBRIUM POINTS AND ITS STABILITY

We determined the HPV free equilibrium point as H° = (%, 0,0,0,0,0,0).

Theorem 1: The HPV free equilibrium HO is locally asymptotically stable if R, < 1.
Proof
The Jacobian matrix of the system of equations (1) at H? is given as,
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r B1A B1ASc P2

H oL = s 00 =T

0 -n 0 0 0 0 - %
Je=|0 0 ’3:L—A—n2 %hg 0 0 0
0 0 ¢3 —M3 0 0 T2
0 o0 0 0 e A 0
0 0 0 0 — 0

L 0 0 0 T, 0 0 —(u+r1y,)l

The characteristic polynomial of the matrix o is given by;

B3+ Ch2+Cb+C3=0 (8)
A
G = _%+772+773 + 1,
A A A8
G, = _%773 _%774 T 1203 + MMy + N3N, _¥_ RV

i B1AS P
G = _% + 112737, _1+3774_ A3p3n,

Rewriting C5 in terms of R, we obtain,

A A8,
C3 =MM3Ny — Azpang — b 237]4 -4 #¢3774 =141 —Ry) ©

We use Routh-Hurwitz criterion to determine the conditions for the roots of (7) to have negative eigen
values. The Routh—Hurwitz criterion of stability of HPV free equilibrium is given by

oo c, 1 0
po=¢ D=(¢ o) p=(6 & oG (10)
3 (2 0 0 G

D1 — BlA

-2
B1A BiA BiA B1AS P
D, =CiC = C3 = (_f‘knz + 173 +774) (_f% _fTM t 1213 + 127, +773774_¥_

¢3/13) — (M. (1 —Ry))
A A A
D; = C,G,C5 — Cz% = (_%4' M, +13+ 774) (_%Tla _%7]4 T 12Nz + MMy + N3Ny —

$34s) = 13(1 = Ry)?

The above result shows that we have D, > 0,D; > 0 if and only if Ry < 1. Thus, we conclude that the
HPV free equilibrium is locally asymptotically stable whenever R, < 1. This theorem implies that if Ry <
1 it means that every individual infected can pass the HPV infection to less than one new person hence the
HPYV infection cannot develop in the population.

The global stability of HPV free equilibrium of system (1) is investigated using the Castillo-Chavez
approach [19] which is described in the theorem below.

Theorem 2: The HPV free equilibrium point H° = (X°,0) = (%, 0,0,0,0,0,0) of model 1 is globally

asymptotically stable if

R, < 1 and the following conditions are satisfied,

L. Z—f = F(X,0), X° is globally asymptotically stable.

2. GX,2)=A4AZ-G(X,2),G(X,Z)=0

for (X,Z) € R] where A = D,G(X,Z) is an M-matrix (the off diagonal element of A is non-negative)
and R7 is the region where the equations of the model make epidemiological sense.

Proof

The system of equations (1) is written as
%zF(X,Z), %:G(X,Z), G(X,0)=0 (11)
Where X = (S, S,,V,V,) represents the HPV free classes and Z = (I, I, T) are the HPV infected classes.

d—): = F(X, 0) can be written as % = A — uS. Thus, we have,

da
A—pS(6) = [A—pS(0)]e™ (12)

+1,+ 13 +1,

B1AScp3
u

_ —ut
S(t) =% ,S(t)—>% as t > oo
Hence condition (1) is satisfied consequently. For the second condition we have,
GX,2)=AZ-G(X,2) (13)

BS + A3l — (B1S® =) + (B16:5° + A3)1,
where G(X,Z) = b3l —msl, AZ = b3l — 13l
Tyl — (W +T)T Tl — (W +7)T
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~ BT+ 81)(S° = S) BT +8:1)(1 - Sio) B +8:1)(1 - %)
GX,2) = ( 0 ) = 0 = 0 (14)
0 0 0

Since § < N,% < 1 then it is clear that G(X,Z) = 0. Thus condition 2 is satisfied. Therefore, the HPV
free equilibrium point is globally asymptotically stable. The epidemiological indication of HPV free
equilibrium being asymptotically stable means that the HPV infections will be eliminated from the
community if the reproduction number is reduced to and /or maintained at a value below one.

VI. HPV ENDEMIC EQUILIBRIUM POINTS AND ITS STABILITY
The HPV endemic equilibrium point E' = (S*,S;, 1%, 1;,V*,V;,T*) is obtained by equating the right
hand side of (2) to zero and solving it in terms of I*. Thus, we have;

* ¢3(#+T2) *
@7 na(utty)-TaT
PR *
T = Ela
Si = P2 AT (15)
@ (B +B181g A1) (T +BrI* +B18cf+1)—Ap o T
S = (B1I"+B18cla+n)A
(B1I*+B18c1a+n1) (2T +B1I" +B18clg+ 1)~ Az, T*
* A1y @2 AT”
Mans—@1 A [(B1I*+B18clg+n1) (2T +B1I* +B18clg+1)—Az 2 T*]
* N4y $2AT"

a = Mans—@1 A [(B1I*+B18clg+n1) (2T +B1 1" +B18clg+1)—Az 2 T*]

Substituting the solutions of the variables in (15) into the third equation of (2) we obtain;

A2+ A1+ A, =0 (16)

Az = pup (s + 5c¢3)(¢2'[1¢3 + unz(Bi(ns + 6cd3) + 1))(772773 + A3¢3)

Ay =pi(ms + 5c¢3)(.u773Aﬁ1(773 +8c¢3) + ATy P, + p(mans — /13(1)3)) + (1130, +

13y (3 + 8cd3) + D)pns (A3 —n3)

A = (71131/\(773 + 6c¢3) — %) (1—-Ro)

We observe that A; > 0 when Ry <1, A; = 0 when Ry = 1 and A; < 1 when Ry > 1.When 4; <0,
A= A% — 4A3A; > 0 the polynomial (15) has a unique positive solution. Consequently, system (1) has a
unique HPV endemic equilibrium. On the other hand, when R, < 1 then A; > 0 and bringing another
condition that A, < 0 and A> 0, it results to two positive real roots suggesting the existence of two positive
equilibria. If Ry = 1, and A; = 0 then there exists a unique positive non-zero root of the polynomial (15)
if and only if A, < 0. Thus, we have the following on the existence of endemic equilibria of the model;

i) If Ry > 1 then the system (1) has a unique HPV endemic equilibrium (14) which is unstable.

ii)  There is no HPV endemic equilibrium if R, < R§ where R§ is the critical R, and is given by

c — 43
R = 4A3(71131A(T)3+5c¢3)—%) (16)

R§ is obtained after equating the discriminant A = 0 and making Rthe subject of the equation.

iii)  There are two HPV endemic equilibrium if 4, < 0 and A > 0.

iv)  If Ry < 1 then the system (1) has an HPV free equilibrium which is locally asymptotically stable.

We use the center manifold theory as described in [21] to investigate the nature of bifurcation. We find
that the model undergoes a forward bifurcation at R, = 1.

VII. RESULTS

We present the numerical simulations of the model system (2) in this section. We use MATLAB software
and the parameters in Table I to come up with the numerical simulations.

TABLE I: PARAMETERS AND THEIR DESCRIPTION

Parameter Description Value Source
A Natural birth rate 0.02639 [20]
u Natural mortality rate 0.00501 [20]
T, Rate at which aware infected individual seeks treatment. 0.035 [21]
T, Rate at which an individual recover. 0.0028 Assumed
y Vaccination rate. 0.25 [22]
B Infection contact rate. 0.000194 [22]
1) Death rate due to HPV infection 0.61 [22]
¢4 Rate at which vaccinated individuals become aware. 0.045 Assumed
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TABLE I: PARAMETERS AND THEIR DESCRIPTION (CONT)

b, Rate at which a susceptible individual becomes aware. 0.035 Assumed
b5 Rate at which an infected individual becomes aware. 0.035 Assumed
A Rate at which vaccinated individuals lose awareness 0.65 Assumed
Ay Rate at which susceptible individuals lose awareness 0.055 Assumed
A3 Rate at which infected individuals lose awareness 0.075 Assumed
o8 Negative attitude rates influencing condom use rates. 0.36 [23]

o Efficiency of awareness. 0-1 Assumed
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Fig. 2. Susceptible population. Fig. 3. Susceptible aware population.
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Fig. 6. Vaccinated aware population. Fig. 7. Treated population.

Fig. 2 represents susceptible population over time. The population decreases at first then it increases
again. This is because this population is joining the susceptible aware class hence the decreasing number
and it increases as the susceptible aware population is reverting back to the susceptible class as they have
forgot the awareness they had acquired earlier on.

Fig. 3 represents the susceptible aware population which increases steadily for a few days then decreases
for about a hundred days then increases again. The increase is due to the movement from the susceptible
class to the susceptible aware class as a result of the media awareness about the virus. It decreases as a
result of the susceptible aware getting vaccinated and also losing their awareness hence moving back to the
susceptible class. It increases again because the susceptibles become aware about the virus since the media
awareness is ongoing thus move back to susceptible aware class.

Fig. 4 represent the infected population which increases in the first one hundred and fifty days. This is
due to susceptibles who are becoming infected as the media awareness has not caught up with them. The
population then decreases for the next a hundred and sixty days and then increases again. This is because
the infected population join the infected aware group after the media awareness. However, it increases again
as the infected aware group rejoin the infected class.
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Fig. 5 shows the infected aware population increases in the then reduces afterwards and then increases
again. The increase is due to the influx of the infected people joining the infected aware population. The
reduction is due to the infected aware group is joining the treatment class as they are seeking for treatment
options as the media awareness campaigns encourage that. The other reason this population is decreasing
is due to ineffective media awareness so they are going back to the infected class as the awareness has worn
out. It increases again as the infected become aware about the virus through the ongoing media awareness
therefore join the infected aware population.

Fig. 6 shows the vaccinated educated population which increases in the next two hundred days and then
decreases. This is because at first the aware susceptibles are getting themselves vaccinated against HPV as
the media awareness campaigns are encouraging that. However, the population decreases due to the
ineffective media awareness (for instance misinformation about the vaccine) as the numbers of susceptibles
getting vaccinated goes down.

Fig. 7 represents the population undergoing treatment. This population increases in the next two hundred
and fifty days and this is because majority of the infected aware individuals are going to hospitals to seek
for treatment options. After the two hundred and fifty days this population decreases as the awareness about
the disease has worn out due to ineffective campaigns as a result, they are not seeking treatment options.

0P & y =025
41 —y = (.30
35 — = (.35
3t —y = 0.40
25
z 2}
é 15}
-
o
0.5
0
05
“1F

50 100 150 200 250 300 350
Time(days)

Fig.8. Effect on population on varying the rates of vaccination.

In Fig. 8 we observe the effect on the population upon increasing the rate of vaccination from 0.25, 0.30,
0.35, 0.40. Increasing the rate of vaccination leads to an increasing number of girls and women who get
themselves vaccinated against HPV in the first few days. Despite this, the number of vaccinated individuals
started to decrease later and this is attributed to there being an ineffective media awareness.

—, = 0.02
7, = 0.04

10000 - / w1, =0.06

12000 |

8000

6000

Population(n)

4000

2000

50 100 150 200 250 300 350
Time(days)

Fig. 9. Simulation results on varying rate of treatment on population.

Fig. 9 is produced as a result of variation of the rate of treatment on the population. We observe that
increasing this rate leads to more people seeking treatment in the initial days. However, this number
decreases in the coming latter days and this is due to the presence of an ineffective media awareness. Table
II shows the sensitivity indices of parameters in the reproduction number.

VIII. SENSITIVITY ANALYSIS
Sensitivity analysis is performed on the parameters of the model in an effort to determine the critical
parameters that influence the model outcome [24]. In order to achieve this, we use the Latin Hypercube
Sampling/Partial Rank Correlation Coefficient method. The results presented in Table II show that 74, the
rate of seeking treatment is a critical parameter that is contributing the most variability in R,. The infection
contact rate f3;, the negative attitudes influencing the condom use rates &, are also influential parameters in
the variability of R,. Therefore, the parameters A5, 5; and 8, have the capability to make HPV infections
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increase. To the contrary, the rate of seeking treatment 7,,the rate of gaining awareness among the infected
¢ and rate of getting vaccinated y parameters have capability of controlling HPV infections spread when
increased.

TABLE II: SENSITIVITY INDICES OF THE REPRODUCTION NUMBER AGAINST MENTIONED PARAMETERS

Parameter Sensitivity index value Parameter Sensitivity index value
A 0.023621359 A3 0.526416351
B 0.894672530 a 0.289106381
u -0.219143113 6 0.621808964
o -0.428736542 T -0.732723659

IX. CONCLUSION

This paper has analysed the impact of HPV infections under vaccination in Kenya. We incorporated
movement from the susceptible aware class to infected class. This movement was to show that the mass
media awareness campaigns were ineffective. We carried out an analysis on the model in regards to the
invariant region and we concluded that the solutions of the model were uniformly bounded in the region (1
for all future time. The reproduction number of the model was determined and it represented the sum of the
reproduction number of infected individuals R; and of infected aware individuals R;,. We performed a
stability analysis on the equilibrium points of the model. The HPV free equilibrium point for this model
was locally asymptotically stable and globally asymptotically stable when R, < 1. The endemic
equilibrium point for this model was found to exist under several conditions. If R, > 1, then the HPV
endemic equilibrium was unique and unstable; if R, < 1 then the HPV endemic equilibrium was locally
asymptotically stable. The nature of bifurcation was investigated using Castillo-Chavez theory. It was
concluded that the model 1 has a forward bifurcation at R, = 1. The sensitivity analysis using LHS-PRCC
show that the infection contact rate ; and negative attitudes influencing condom use rate §, are parameters
that contribute to the persistence of HPV infections in the community. From the numerical simulation
results, we conclude that the HPV infections continue to stay in the community due to the ineffective mass
media awareness campaigns. The results presented in Fig. 7 and Fig. 8 showed the impact of vaccination
and treatment on HPV infections. The simulations showed that increasing treatment levels and vaccination
rates results to a reduction in the number of infected people and an increase in the number of vaccinated
people respectively. Sensitivity analysis also confirms that increasing 7, the rate of treatment would help
control HPV infections spread. In the future, the authors would like to extend the system (2) by considering
an effective mass media awareness variable to control the spread of HPV infection in the community.

CONFLICT OF INTEREST

Authors declare that they do not have any conflict of interest.

REFERENCES

[1] WHO/ICO. Human Papillomavirus and Related Cancers in Kenya. Summary Report 2010. [Internet] 2010. Available from:
www. who. int/ hpvcentre.

[2] Moody CA, Laimins LA. Human papillomavirus oncoproteins: pathways to transformation. Nature Reviews Cancer. 2010;
10(8): 550.

[3] Jemal A, Simard EP, Dorell C, Noone AM, Markowitz LE, Kohler B, et al. Annual report to the nation on the status of cancer,
1975-2009, featuring the burden and trends in human papillomavirus (HPV)-associated cancers and HPV vaccination coverage
levels. JNCI: Journal of the National Cancer Institute. 2013; 105(3): 175-201.

[4] Gillison ML, Alemany L, Snijders PJ, Chaturvedi A, Steinberg BM, Schwartz S, et al. Human papillomavirus and diseases of

the upper airway: head and neck cancer and respiratory papillomatosis. Vaccine. 2012; 30: F34-F54.

[5] Papillomaviruses H. IARC monographs on the evaluation of carcinogenic risks to humans. Lyon, France. IARC. 2011.

[6] Wilke J. Media Genres. Notes. 2010; 2: 5.

[71 FDA, U.S. Food and Drug Administration, HPV (Human Papillomavirus), HPV: Sexually Transmitted Diseases (STD). 2007.

[8] Wakefield MA, Loken B, Horni RC. Use of mass media campaigns to change health behaviour. The Lancet. 2010; 376(9748):
1261-1271.

[9] Breban R. Health newscasts for increasing influenza vaccination coverage: an inductive reasoning game approach. PloS One.
2011; 6(12): €28300.

[10] Fanti KA, Vanman E, Henrich CC, Avraamides MN. Desensitization to media violence over a short period of time. Aggressive
Behavior: Official Journal of the International Society for Research on Aggression. 2009; 35(2): 179-187.

[11] Misra AK, Sharma A, Shukla JB. Modeling and analysis of effects of awareness programs by media on the spread of infectious
diseases. Mathematical and Computer Modelling, 2011; 53(5-6): 1221-1228.

[12] Tchuenche JM, Dube N, Bhunu CP, Smith RJ, Bauch CT. The impact of media coverage on the transmission dynamics of human
influenza. BMC Public Health. 2011; 11(1): SS5.

[13] Granell C, Gomez S, Arenas A. Competing spreading processes on multiplex networks: awareness and epidemics. Physical
Review E. 2014; 90(1): 012808.

DOI: http://dx.doi.org/10.24018/ejmath.2022.3.4.129 Vol 3 | Issue 4 | July 2022



[14]
[15]
[16]
[17]
[18]
[19]
[20]
[21]
[22]
[23]

[24]

EJ-MATH, European Journal of Mathematics and Statistics
ISSN: 2736-5484

Funk S, Salathé M, Jansen VA. Modelling the influence of human behaviour on the spread of infectious diseases: a review.
Journal of the Royal Society Interface. 2010; 7(50): 1247-1256

Green A, Nieves Y, Enrigue C, Kribs-Zaleta C, Crawford B. 4 cost analysis of human papillomavirus: Individual education vs.
mass-media campaign. MTBI Technical Report MTBI-04-03M, Arizona State University. 2007.

Agaba GO, Kyrychko YN, Blyuss K. Mathematical model for the impact of awareness on the dynamics of infectious diseases.
Mathematical Biosciences. 2017; 286: 22-30.

Karei EM, Obuyi A, Omollo V. Community Norms About Youth Condom Use in Western Kenya: Is transition occuring? African
Journal of Reproductive Health. 2012; 16(2): 241-252.

Van den Driessche P, Watmough J. Reproduction numbers and sub-threshold endemic equilibria for compartmental models of
disease transmission. Mathematical Biosciences. 2002; 180(1-2).

Castillo-Chavez C, Feng Z, Huang W. On the computation of R~ 0 and its role in global stability. IMA4 Volumes in Mathematics
and Its Applications. 2002; 125: 229-250.

CIA. Central Intelligence Agency: The World Fact Book. The World of a Nation: The Center of Intelligence. [Internet] 2016
[cited 2018 August] Available from: https://www.cia.gov/library/publications/ the-world-factbook/fields/2054.html.
ICO/IARC Information Centre on HPV and Cancer 2018. [Internet] Available from: www. who. int/ hpvcentre.

Bruni L, Barrionuevo-Rosas L, Albero G, Serrano B, Mena M, Gémez D, et al. ICO/TARC Information Centre on HPV and
Cancer (HPV Information Centre). Human Papillomavirus and Related Diseases in Kenya. Summary Report 10 December 2018.
2018.

Ronoh M, Chirove F, Wairimu J, Ogana W. Evidence-based modeling of combination control on Kenyan youth HIV/AIDS
dynamics. PloS One. 2020; 15(11): e0242491.

Marino S, Hogue IB, Ray CJ, Kirschner DE. A methodology for performing global uncertainty and sensitivity analysis in systems
biology. Journal of Theoretical Biology. 2008; 254(1): 178-196.

DOI: http://dx.doi.org/10.24018/ejmath.2022.3.4.129 Vol 3 | Issue 4 | July 2022



