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OPERATIONAL DEFINATION OF TERMS

App: Computer software, or a program, is a tiny, basic piece of software designed for mobile

devices.

Bank transactions: These are activities inclusive of cash deposits ,withdrawals, deposits, bank
account payments, account transfers, preauthorized credit agreement disbursements, as well as

paying loan induced by an account holder at a bank are all examples of transactions.

Competition: the act or state of attempting to gain or obtain something by defeating or

establishing supremacy over others.

Digital credit: instant, automated and remote loans which are normally offered and paid through
a cell phone.

Financial performance: This is the measure of financial achievement of commercial banks in
terms of loan portfolio, credit risk profile and liquidity risk profile. In this study, it was measured
using ROA

Liquidity: Cash availability, accessibility, or convertibility. In this case, ratio of liquid assets to

total assets was used

Mobile banking: This is the use of a software called an app, bank provided service or other
financial institution that enables clients via a mobile device like smart phone or tablet perform

financial transactions.

Mobile network operator (MNO): A telecommunications service provider that provides

subscribed mobile users with wireless voice and data communication.

Online banking: refers to electronic system of payment which permits financial institution or
bank clients carry out via the website of the financial institution which is also referred as internet

banking or online banking various transactions.

Website: A collection of linked web pages under one domain name, established and maintained

by a person, group, business or organization serving various uses.

Xii



ABSTRACT

With the dvnamism being experienced in the business environment globally, performanceisa
major factor in the survival of a business entitv. Businesses have adopted strategies to
enhance their performance. In Kenva, the financial sector has endeavored to introduce and
embrace technologv in order to realize and sustain performance through credit offering. The
plavers within the financial sectors with the role of offering credit facilities include
commercial banks, microfinances, and digital lenders among others. In order to increase credit
penetration and acquisition, most of these plavers have introduced digital credit as one of
those technological interventions whose potential is to increase credit penetration and
acquisition within the market. With this technological advancement_ there has been mixed
reactions and outcomes with different consequences to commercial banks performance. The
research intention_was to determine the impact of digital credit on banking financial
performance, with a focus on Kenvan commercial banks. The specific objective was to
determine the impact of mobile network based loans, website based loans and app based loans
on the financial performance of selected commercial banks and to investigate the moderating
role of bank size on the association between digital credit and financial performance. This
research was based on financial intermediation theorv, which was supported bv finance
growth theorv and information asvmmetry theory. The theory of positivism was used, as well
as longitudinal and explanatorv non—experimental studv designs. The studv's target
population was 10 of Kenwva's 38 commercial banks that had adopted from 2012 their own
digital credit solutions. The sample size was the 5 largest banks in relation to digitization.
Secondary data for this research was gathered from Kenvan commercial banks' financial
statements, the Kenvan Central Bank, as well as reports of economic assessment report.
Descriptive statistics and panel multiple regression analvsis were used in analyzing the
results. The correlation results revealed a positive and significant relationship between the
independent variables mobile network operator based loans website based loans and app
based loans was positive and significant. The regression analvsis also revealed a positive
significant relationship between mobile network operator based loans and website based loans
and financial performance while app based loans did not have a significant relationship. Ban
size was however found to negatively and insignificantlv moderate the relationship between
digital credit and financial performance. The studv recommended commercial banks to come
up with strategies that will see an increased use of mobile network operator loans and website
based loans. More so the central bank was recommended to formulate polices that will help
commercial bans realize the benefits of digital credit and an improved financial performance.

Xiii



CHAPTER ONE: INTRODUCTION

1.1 Background of the Study

Volatility has characterized today's market environment, uncertainty, complexity and ambiguity
and as such, businesses are finding it difficult to confidently predict their future. Economic
alterations, political change, technological changes, social changes, and legal changes have all
been predicted to contribute to the dynamism of the business environment. These alterations are
causing business entities to be concerned about their stability and sustainability in their
performance, consequently developing a need for strategy development in order to continue
maintaining competitive capacity in order to perform in such a changing environment (Baei,

Ahmadi, Sharifi, Malafeh, & Baee, 2017).

According to Kinyanzui (2018), financial sector is one of the sectors that has not been spared
from the effects of change. One of the major players within the financial sector are banks. Banks
have various products which contribute to their overall performance. Credit and loans stand out
as some of the major contributors towards performance in the banking sector. Wainaina (2017)
observed that over the years, a loan book increase of the commercial banks has significantly
contributed to overall commercial banks performance. With the increase in the players offering
credit solutions to the market, banks have been forced to develop creative and intrusive solutions
to enhance customer acquisition and interaction with credit facility. This has been seen in the
form of technological advancements in order to ease and to increase credit acquisition among
customers. The commercial banks have adopted digital credit as one of the technical instruments

they use to boost the amount of loans they give out to its consumers (Wainaina, 2017).



Banks have been projected to contribute to the operation and growth of economies by bringing
together borrowers and lenders. Banks, on the other hand, have built mechanisms to facilitate the
funds transfer in their capacity as an intermediary, to factor in speed and security. They have
done this through development and deployment of technology which include digital platforms

(Musau, 2015).

Initially, commercial banks would issue loans to their customers from their physical space which
included banking halls where customer would be required to officially apply for credit through
filling in a loan requisition form and consequently wait for days for an award or rejection
(Gubbins and Totolo, 2018). This proved difficult and slow to customers who had pressing
financial need until in 2015, when banks decided to embrace digital credit. This includes the
ability to advance credit in form of loans to customers through mobile phones as a tool for
competitive advantage and financial inclusion (Mckinsey, 2018). As a consequence, thousands of
previously underprivileged bank clients have moved from purely cash transactions to structured
financial services such as purchases, deposits, investments, loans, insurance, and even bonds

through their mobile phones (GPFI, 2017).

Globally, by 2015, digital credit, as a banking product emerging from mobile banking, gave rise
to Mshwari, KCB MPESA and M-co-op Cash in Kenya, M-Jara in Ivory coast, Tanzanian M-
Pawa, and Mexican Kubo, are a few examples but several deployments expected to emerge in
Asia and Latin America as well (Chen and Mazer, 2017).As of 2017, Sub Saharan Africa takes
the lead with over 100 million active mobile banking customers followed by South Asia at 40
million, Latin America and Caribbean at 10.8 million, East Asia and Pacific at 7.1,while 13.9
million for Middle East and North Africa and lastly, Europe and Central Asia at 1.4 million

(Mckinsey, 2017).



Today, digital credit facility can be positioned as a ‘must have’ technology for credit lenders and
as such, its penetration has grown in the entire financial sector and specifically banking. Nearly
all commercial banks in Kenya have invested or are seeking to invest in this system in order to
enable their competitiveness and enhance their performance. Commercial banks, like Kenya
Commercial Bank, Kenyan Equity Bank, NCBA(Commercial Bank of Africa Limited and the
NIC Group have merged), Cooperative Bank of Kenya and Diamond Trust Bank among others,
have launched digital lending to their customers as from 2012, or by forming a partnership with
Safaricom (e.g., KCB in 2015 and CBA in 2012), Tangaza by Barclays Bank, starting an virtual
mobile network operator which is independent (like Equity’s Equitel) or creating a stand-alone
smartphone application (for instance, Cooperative Bank M-Coop Cash in a bid to keep up with

technology and customer tastes and preferences (CNBCAFRICA, 2019).

1.1.1 Digital Credit

Digital credit is a technology-based exchange medium and store of value that is commonly used
for mobile network operators (MNO) provided or another entity in partnership with an MNO
(Razer and Mckee, 2017). It has had a tremendous impact on how Kenyans acquire financial
services. Since all that is required is a simple mobile phone, digital credit is a novel way to
access financial services, particularly for those who lack conventional banking service access

(FSD, 2016).

Over 16 million active cell phone deposit accounts worth over Ksh.105 billion were active as of
December 2018, accounted for 30.43 percent of total industry deposit accounts and 3.1 percent
of total industry deposit accounts, respectively. During the same time span, there were active
seven million cell phone loan accounts worth above Ksh.60 billion, accounting for 97.49 percent

of total industry loan accounts as well as 2.41% total loan account values, respectively.
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Bjorkegren and Grissen (2018) stated that digital credit became possible because of these
innovations, that is, mobile phones, which were first used for personal communication, now
serve as a medium for connecting customers in developed countries to digital services. Another
example is mobile money, building on this mechanism by lowering the money transfer cost (Jack
and Suri 2014). Kenya was the first country to introduce the program in 2007 (GSMA 2016).
FinTechs can now use unorthodox credit rating metrics like airtime, mobile money transfers, and

savings data owing to mobile financial services (CBK, 2018).

Mobile money may be used to save money by keeping money in the account instead of
withdrawing. However, it may also be utilized in credit provision: simply transfer the loan
amounts electronically as well as request the recipient to make later repayment. Customers
registration with a mobile money agent is required to receive a personal virtual account that is
connected to their mobile phone number and available via a SIM card. Via the data messaging
channel, users can conduct financial transactions such as loans, in-store purchases, bill payments,
remittances, as well as savings. Microcredit is also available via mobile money in selected

countries (GSMA, 2018a).

According to Cytonn (2019) review, Kenya has seen a growth in digital credit with the increased
growth in use of mobile and digital channels to 79.4% in the last four years. There has been a
significant growth in loan from 4.2% to 11.6% between 2018 and 2019 respectively, although it
does not specify whether they are mobile phone advanced loans or long term loans advanced
through the traditional lending channels. This growth also raises the number of NPLs to 9.8%
defeating the five year average of 8.2%, it goes further to observe that the tool that banks have

adopted to minimize the number of NPLs is reduced credit extension.



Individuals formerly deemed uncreditworthy are urged to employ and have access to a wide
range of banking options with the use of digital credit (Gubbins and Totolo, 2018). These
prospective customers, on the other hand, are naive and, in some cases, uneducated; suffering
from information asymmetry in relation to the characteristics of bank products, utilities, and

other terms, making them vulnerable (Rafe Mazer and Kate Mckee, 2018).

Digital credit innovations have altered nearly every ending process aspect, including the basic
model which makes lending possible. For decades, banks' conventional lending model was to
take deposits from some customers in order to advance loans to others, and to make money under
this model, banks usually charged borrowers higher interest rates than savers (Chen and Mazer,
2017). Banks pride themselves in providing quicker application, approval, and funding times
than lenders traditionally, regardless of the form of loan on offer. Banks take weeks
in loans approval, and providers of credit card , which also approve applications quickly
electronically, take even longer in printing and issuance of cards (Gubbins and Totolo, 2018). In
contrast, banks can approve and fund loans through their customer mobile phones in seconds.
Out of the 6 million borrowers, Kenyan adults averaging 27 percent (18+) at least have taken

digital loan once, making digital credit the nation's biggest credit source (CGAP, 2018).

1.1.2 Financial Performance

Almajali, Alamro, and Al-Soub (2017) describe financial performance as a company's ability to
meet a set of financial objectives, like profitability. Financial performance refers by what extent
has a company's financial goals have been met or exceeded. Financial performance, as described

by Baba and Nasieku (2016), demonstrates how an organization using assets in revenue



generation and thus guides stakeholders in their decision-making. According to Nzuve (2016),
banking sector soundness is primarily determined by financial performance, which is useful in
determining individual banks' strengths and weaknesses. Furthermore, for regulatory purposes,

the government as well as its regulatory authorities are concerned in banks performance.

The emphasis on financial performance is primarily on issues with financial statements direct
impact or reports of the firm (Omondi & Muturi, 2018). The performance of a firm is key
method of assessment used by external parties. Consequently, the performance of the company is
used as a metric. The success of a company is measured by how well it meets its objectives. A
firms” financial efficiency is the outcome of fulfilling both internal as well as external goals (Lin,
2018). Development, competition, and survival are some of the terms used to describe success

(Nyamita, 2017).

A variety of ratios, like NIM and ROA, may be useful in financial performance evaluation. ROA
is an indicator that reveals a bank's capability to benefit from its available assets. Milinovi
(Milinovi, 2016). The return on assets (ROA) is determined via division of operating profits by
total asset, a proportion useful to measure profits from all of a firm's resources. NIM, contrary,
calculates the difference between the paid interest to lenders of bank, such as obligation
accounts, as well as the interest generated by banks relative to their assets value. NIM factor is
gotten by dividing net interest income by total earnings assets. The three widely known
measurements of performance are ROA, ROE and Tobin Q. ROA specifies in relation total
assets profitability of the firm while ROE indicates profitability in relation to invested equity.
Tobin Q is the proportion of market value to book value of stock (Mwangi & Murigu, 2016). The

current study used ROA as financial performance measure.



1.1.3 Bank Size

The total bank assets represent the financial strength and economic capacity of that particular
financial institution. In order to estimate the size of a bank, one might look at its market
capitalization, total assets, revenue from commercial activities, and equity kept in the bank's

books (Schildbach, 2017).

Statistics by CBK, (2017) indicate that 75.5% of the Kenyan digital credit has previously being
advanced by the six tier 1 commercial banks with only two other banks having a significant
contribution to digital lending. According to Mwendwa (2016), the business size is statistically
relevant to understanding how digital credit affects financial firm profitability. Kenyan banks are
considered as capable of providing mobile lending because of the stability of their asset base,

which is measured by the asset base.

1.1.4 Commercial Banks in Kenya

Commercial banks are primarily classified according to their ownership, with some owned by
domestic persons or businesses and others by international organizations and individuals. Kwach
(2020) in her article in 2020 observed that nature also categorizes banks, that is, microfinance
banks as well as commercial banks. Commercial banks are classified into three levels by the
Kenyan Central Bank, which oversees them. Tier 1 banks are huge financial institutions with
billions of dollars in assets that are unlikely to collapse. They are Kenya's most important banks.
Tier 2 is made up of medium-sized banks, and Tier 3 is made up of small banks. The number had
risen to 43 in 2016. Nevertheless, some banks, like Chase Bank, Dubai Bank as well as Imperial
Bank, have had issues that have resulted in bank closures and Central Bank intervention, while

others have currently merged, such as Commercial Bank of Africa and NIC Bank merging to



form NCBA, and KCB acquisition of National Bank of Kenya, taking the total number of banks
to 38. (BankingSurveyLive, 2019). The number of registered Microfinance banks, on the other
hand stands at 10 and a group of 11 digital lenders who are self-regulating under Digital Lenders
Association of Kenya (DLAK) whose proposal as a means of ethical lending has been rebuffed

by CBK Governor, Patrick Njoroge (CBK, 2020).

Since 2006, Kenyan banks expanded their branch networking and services provided, including
loans, credit facilities, opening of account, strategically located automatic teller machines
(ATMs) (Lyaga ,2006). To help their businesses thrive, commercial banks are looking for loans
as well as deposits. According to Yildirim and Philippatos (2007), increased banking sector
competition might lead to enhanced banking product quality and pricing. It will also encourage
financial creativity, resulting in improved skills, strategies, and technology. Beginning with
liberalization in the early 1990s, the Kenyan banking system has gone through various stages and
ending with liberalization today. Such improvements have resulted in unprecedented levels of

success that have never been seen before (Chen & Mazer, 2018).

Equity bank, KCB and Co-op bank are the top 3 banks with value drivers respectively seeing
Equity bank leading in digitization strategy through the launch of Equitel and Eazzy banking
app, seconded by KCB on KCB M-pesa leading growth in deposits and loans and finally Co-op
bank with a large Sacco banking foundation with growth potential, cost reduction, operational
efficiency to boost profitability (Kwach, 2020). With the recent launch of CBK's 'Stawi' loan
facility, with the purpose of offering unsecured loans ranging from Kshs 30,000 to Kshs 250,000
to MSMEs in five commercial banks, the Kenyan banking sector has experienced a significant

rise in loan advances (CBA, Coop Bank, DTB, KCB and NIC groups) with a repayment period



of one to 12 months. It is hoped that this loan product would assist SMEs overcome difficulties

such as limited access to formal finance at 9.0 percent p.a. (2019).

1.2 Statement of the Problem

Digitization of the banking industry has shifted the focus to digital credit as a means of
expanding their network, reducing their human expenses, and improving their financial
performance. Nevertheless, with all of this increased digitization, some banks have shown a drop
in performance, others have been placed under statutory management, and still others have been
placed under voluntary management. With the rise of digital lenders in Kenya, commercial banks
in the country are also competing for the same clients as they are for customers with traditional

banks (Kinyanzui, 2018).

For the bank, efficient transformations result in increased sales and cost savings. However, in the
38 Kenyan commercial banks, only 10 have successfully employed mobile phone lending to their
customers (CNBCAFRICA, 2019). The challenges of this , is seen in the study done by Boyd
and Nicolo (2005) , who previously found that lower loan rates resulting from bank competition
made it easier for borrowers to repay loans, lowering the risk of default. Contrary, if banks
introduced new technologies in providing financial services in a fiercely competitive
environment, they appeared to acquire less knowledge rentals in effort to achieve borrowers,
which resulted in moral hazards and adverse selection, resulting in poor commercial bank results

(Allen & Gale, 2004).

Several studies have been done on digital credit. Kaffenberger, Totolo, and Soursourian
(2018) researched on the digital credit revolution in Kenya and Tanzania. Their main focus was

on the segments of borrowers, what they spend these borrowed funds on and their default rate



with other digital credit providers such as MSHWARI other than the commercial banks. Their
findings showed that 31% of Kenyans and 12% of Tanzanian borrowers defaulted on their loans.
Francis, Blumenstock and Robbinson (2017) did a study on Digital Credit in Emerging Markets.
In their study, they concluded that these easy access high interest digital credit are likely to have

adverse consequences to borrowers.

In terms of loan book growth, liquidity risk, and credit risk, this digital credit extended by
selected commercial banks has an impact on their financial performance, but it is not clear how it
does so. The purpose of this research was to look at three different aspects of how digital credit
impacts the financial health of Kenyan commercial banks. The first perspective was the loan
book growth, the second perspective was liquidity risk profile and the third perspective was the

credit risk profile of these selected commercial banks.
1.3 Objectives of the Study

1.3.1 General Objective

The general objective of this research was to find the effect of digital credit on financial

performance of selected commercial banks in Kenva.
1.3.2 Specific Objectives

The studv’s specific objectives were:-
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ii.

iii.

v.

To assess the effects of mobile network operator facilitated loans on financial

performance of selected commercial banks in Kenva.

To see how website-based loans affect selected commercial banks financial

performance in Kenva.

To evaluate the effect of App based loans affect commercial banks financial

performance in Kenva.

To establish the moderation effect of bank size on the association between digital

credit and selected commercial banks financial performance in Kenva.

1.4 Research Hypotheses

The following null hvpotheses were guiding the research:

Hor:

Loans provided bv mobile network operators have no significant impact on financial

performance of selected commercial banks in Kenva.

Huoz:

Website based loans have no significant effect on financial performance of selected

commercial banks in Kenva.

Hoaz:

App based loans have no significant impact on financial performance of selected

commercial banks in Kenva.

Ho4: Size of Bank has no significant moderating effect on the association between digital

credit and financial performance of selected commercial banks in Kenva.
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1.5 Significance of the Study

This study was very crucial because it will result in knowledge beneficial to various banking
segment stakeholders, particularly managers, governing authorities, and banking scholars. The
report would be useful to commercial bank executives in determining how they can utilize digital

credit to improve their banks' financial performance.

In view of the government as well as other policy developers like CBK, the research will be
critical in facilitating policy formulation as well as dealings that would steer commercial banks
as well as other institution in the sector implement digital credit which will improve their

financial results, which will have an effect on the sector's performance.

This study's findings may serve as a guide for future researchers. As a result of empirical
literature assessment, academics and researchers may utilize the data to identify research gaps

and to generate new research fields.

1.6 Scope of the Study

The banking industry was the subject of this report, with selected commercial banks being the
main focus. The target population included the entire 38 Kenyan banks, as well as a sample of
ten of the country's largest banks that have successfully implemented digital credit (as will be
indicated in a table in Chapter 3). For the study, only banks that have adopted digital credit were
considered. Five of the most digitally advanced banks made up the study's sample. size. Data
from individual banks' financial reports, the CBK, and economic reviews were used alone for
this research. The scope of the study was 8 years (2012 to 2020) since this was the period that

digital credit has been in effect.
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1.7 Limitations of the Study

Secondary data from the Kenyan Central Bank and individual yearly reports were utilized in the
research. Data on digital credit was not available in annual reports and so it was obtained from
CBK. The researcher was faced with the challenge of having busy respondents who took time in
availing the required information. In addition, there was the issue of sensitivity of banking
practice that made it difficult for respondents to provide relevant information. The researcher

acquired all relevant approvals before collecting data to overcome these challenges.

1.8 Organization of the Study

The first chapter outlines the project's aims, objectives, hypothesis, scope, and probable limits. In
the second chapter, the authors conducted a comprehensive literature analysis on digital credit
and examined the results of many Kenyan commercial banks. Chapter three covered the research
methodology adopted, four covered results and interpretation while chapter five covered the

conclusion and recommendations.
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CHAPTER TWO: LITERATURE REVIEW
2.1 Introduction

Research findings are described here based on the theoretical framework. Analysis of the
empirical literature, which includes digital credit, bank size and performance in addition to a
description of the research gap, was conducted. Charting the relationship between digital credit
and commercial banks' performance as independent and dependent variables is demonstrated in

this conceptual framework.

2.2 Theoretical Review

It is in this section that theoretical foundations of the project are spelled forth. It is planned to
perform this study on the basis of information asymmetry, finance growth theory and financial
intermediation theories. The finance growth will be useful in determination of digital credit

impact in developing an all-inclusive financial sector both profitable as well as social.

Bank role in reallocating funds via loan advances to their clients will be investigated using
financial intermediation theory. The information asymmetry theory will seek to find in what way
bank participation in digital credit alters its competitiveness as well as its efficiency to increase

information transparency allied to the target digital credit clients.

2.2.1 Financial -Growth Theory

According to Bagehot (1873), it will be feasible to quantify the impact of digital credit on the
development of an all-encompassing financial system as a socially and economically beneficial
initiative. Improved financial structures assist enterprises overcome external funding limitations,

as both theory and reality suggest; this is one way in which financial development promotes
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economic growth. During twentieth century first half, Schumpeter and Keynes' ideas dominated.
Schumpeter argued, among other things, that creativity (new combinations) is the central engine
of economic growth in his economic development theory. According to him, such a new mix can
take the form of modern manufacturing methods, modern means of processing existing products,
new business developments, such as the recent introduction of digital credit, raw material

innovation, and sectoral shifts (Stolbov, 2012).

In the case of an open economy, however, Stolbov (2012) claims that such a new combination
can be achieved through two channels: administrative control and banking loans (Stolbov, 2012).
In summary, Schumpeter views banks as well as other financial institutions as middlemen
between visionaries and owners of capital. As a result, if the bank advance loans, it allows the
introduction of latest mix of "innovative ideas,” boosting economic growth and support
community as a whole. He continued his research by stating that bank loans are essential in the
development of modern combination early stages. The revenue generated from production can be
used to fund the subsequent new combination at an enterprise's growth advanced stage “at steady

state.” Finance plays a supporting role at this stage.

As a consequence, it is possible to argue that finance facilitates economic growth, at least in the
early stages. The theory includes the research variables that make up the dependent variable
bank performance; that is a situation in which financial institutions are able to conduct their
financial intermediary procedure roles without difficulty. It too offers a description of in what

manner independent variable digital credit aids in the formation of a rising economy in a region.
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2.2.2 Financial Intermediation Theory

Gurley and Shaw's work served as a starting point for the twentieth century's financial
intermediation theory. The principle will be applied to the position of banks in channelizing
resources by advancing digital credit to their customers. According to Leland and Pyle (1977),
financial intermediaries are a group that deals with information dissemination. It's been shown
by Diamond (1984) that financial intermediaries may achieve economies of scale while acting as
designated agents for savers. Savers trust these intermediaries with the responsibility of investing
their money in whatever initiatives they feel feasible, such as digital credit, and investors have

the freedom to withdraw their money at any moment under certain predetermined conditions.

The main function of banks can thus be defined as financial intermediation by borrowing and
money lending capita. As per Diamond (1984), banks' participation in financial intermediation
prevents them the opportunity to create capital, while withdrawing from the mechanism allows
them to do so. Allen and Santomero (2001) cast doubt on the theory since it considers
management of risk managemen as a new factor in the financial sector and places a premium on

the concept of participation costs.

As explained by Ndebbio (2004), commercial banks' mandate is to connect deficit and surplus
customers in the financial system. The intermediation function of commercial banks allows them
to create and provide a broad variety of financial products like digital loans that are tailored to fit
the specific demands of their clients. A bank's capacity to produce monetary products with

advanced returns that cover all costs is determined in this way.
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2.2.3 Information Asymmetry Theory

An information imbalance occurs when one party in a debt contract seems to have more
knowledge or education about the issue than the other. Financing companies must be able to

discriminate between good and bad customers, according to Akerlof (1970).

To investigate how important information asymmetry is for the bank as well as moral hazard
problem, Diamond (1984) included in his model moral hazard and adverse selection. A person
who has greater understanding of what they're trading for is better equipped to get a better
bargain than someone who doesn't, according to the notion. As a consequence, the individual
with less knowledge about the related transaction specific item is at a disadvantage when making

contract decisions that are right or wrong.

Due to asymmetry in knowledge between borrowers and lenders, moral hazard and adverse
selection, according to Bofondi and Gobbi (2003), may lead to unsupervised digital credit,
negatively affecting commercial bank performance. The danger of transaction party providing
false information in relation to its obligations (liabilities) assets, or credit ability is known as
moral hazard. This is thought to be a factor in NPLs. Adverse selection presupposes that lenders
are unable to distinguish between various risk levels among borrowers and limited lending
agreements. As a result, creditors settle their loans once in possession of the financial resources
to, resulting in a large accumulation of nonperforming loans (NPLs). This theory applies to this
research since it notes that loan seekers as well as lending institution tend to hold important
information about the borrowing as well as lending contract in their heads. Accurate information
regarding borrowers and the services to which funds are being allocated is highly valued by

financial organizations (Bloem & Gorte, 2001).
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Inexperienced and new customers are increasingly entering the formal financial system through
digital credit, which includes commercial banks (Hansen & Jansen, 2010). Financiers are having
a hard time determining if a customer is more or less risky; as a consequence, financial
efficiency and loan payback rates are being jeopardized. As a result, it's problematic for banks to

determine if digital credit is a low-risk, high-reward investment.

2.3 Empirical Review

As per the literature, digital credit has been shown to have an effect on commercial bank
efficiency. Commercial banks' output (dependent variable) is calculated using loan book growth,
according to the conceptual framework and literature reviewed. The three facets of digital credit
include loans enabled by MNOs, loans made via websites, and loans made through mobile apps
(independent variable). There is general agreement among regulators, inclusive of the IMF,
CGAP, as well as GPFI, as well as the literature, which digital credit can be calculated in three

ways. These three are covered in greater depth further down.

2.3.1 MNO Facilitated Loans and Financial Performance

MNO facilitated loans are advanced by commercial banks who have partnered with
telecommunication network companies. The eligible customers are all the telecommunication
network customers. A study by Bharadwaj, Jack, and Suri (2016) examined the impact of digital
credit on the financial resilience of Kenyan households. The study focused on Mshwari, which is
a digital credit offered by CBA partnering with MNO Safaricom. The results showed M-Shwari
increasing credit access from any source. The study further concluded that digital credit policy

issue by banks enabled the banks to issue these mobile phone loans to their customers after
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assessing their creditworthiness through existing mobile phone platforms making them advance

loans to those who may not have received credit otherwise.

Borrowers' Perspectives on the Digital Credit Revolution in Kenya and Tanzania was also
studied by (Kaffenberger, Totolo, & Soursourian 2018. They found that digital borrowers are
double as likely as the average Kenyan or Tanzanian adult to possess more than a single bank
account other than those affiliated with a digital credit service, as digital credit is only one loan
source amongst several. The study further noted that banks are currently granting short term
loans based on a customers’ existing access to a mobile phone. The study concluded that
requirements for credit reporting as well as role of credit bureau may require updating and
extended to cover all lenders of digital credit, since lenders' usual monthly practice of

monthly reporting is incompatible with the pace of digital credit.

Additionally, Wamalwa, Rugiri and Lauler (2019) study on the digital credit uptake impact on
indebtedness of household, which focused more on the consumers of digital credit repayment
patterns in Kenya, showed the telecommunication company like Safaricom partnerships with the
three commercial banks in Kenya. That is, KCB in 2015 with a digital credit product KCB-
MPESA, NCBA in 2012 with a digital credit product M-shwari and lately, Barclays in 2018 with
a digital credit product Timiza. The study inferred that the eligible bank customers were all the
active MPESA customers, and they would sell their household belongings to pay digital loans, is
predominant with lesser income in comparison with those utilizing traditional credit mechanism.
According to the findings, there is a strong connection between digital credit customers’
financial literacy and their repayment of credit. As a result, commercial banks should keep track

of and evaluate their clients, identifying those who are less likely to default.

19



This dimension tried to bring out the steps that the commercial banks follow before coming to
the approved or denied decision of granting these mobile phones acquired credit to their
customers, and whether they are satisfactory. The MNO enabled loans may be used to monitor
the commercial banks performance. Five commercial banks were studied using a panel multiple

regression analyses to determine the impact of digital credit on their performance.

2.3.2 Website Based Loans and Financial Performance

In order to provide credit goods and services remotely to bank clients via online banking,
commercial banks use the internet and telecommunications networks known as "website-based
loans™ (Okiro and Ndungu, 2013). Ngango (2015) study on the impact of electronic banking to
commercial banks’ performance in Rwanda, as cited by Wainaina (2017) defined website based
loans as a product of electronic banking. The research employed a descriptive research design
that combined qualitative as well as quantitative methods. In a quantitative approach, researchers
used data gathered from employees on e-banking and financial institution findings, while in a
qualitative approach, researchers used interviews to collect qualitative data to better understand
e-banking activities and the impact they have on financial institution performance. As per the
research conclusions there would be failures as a result of inefficiency in the system's use;

network failures, insufficient expertise, and security-related issues.

Wainaina (2017) set out to analyze and describe the literature on mobile based loans practices
and commercial banks financial performance. He concluded that, both credit score and default
patterns are catalysts for financial performance. The study was anchored on debt deflation theory
which depicts how bad debts negatively affect commercial banks profitability. The study used
secondary sources of data as well as primary sources in the form of structured questionnaires.

The study fulfilled its objectives, recommending that Kenyan commercial banks over invest in
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the good credit rating systems development, deliberate changing the normal period of repayment

for mobile-based loans, and improve strategies to reduce default rates.

According to Totolo (2018), these digital credit by banks are complements rather than
replacements of existing traditional bank and Sacco loans held by their customers. A bank
customer can be juggling more than one digital credit from multiple digital credit providers at the
same time. This study goes ahead to state that most of these digital credit borrowers are
struggling to make repayments to the lenders while leaving out the possible reasons. The positive
or negative effect of issuing this digital credit to the lender is still inconclusive. The level of
penetration was determined by counting the number of digital credit and cell phone accounts

among 1000 adult members of the population.

2.3.3 App Based Loans and Financial Performance

App based loans are credit advanced by Kenyan commercial banks to their clients in the banking
apps installed from the Kenya Google Play Store (Gubbins and Totolo, 2018). Letting (2019)
article on commercial banks’ lending to small business owners through mobile phones quoted a
lender revealing that he can borrow these short term loans, up to Ksh.400, 000 from four
different lending apps at ago, this is after the set limits and creditworthiness analysis has been
done, what initially was not possible. It goes on to show how these numbers translated into an
overall annual lending by commercial banks of Ksh.2.42 trillion and Ksh.2.3 trillion in 2018
and 2017 respectively. It concluded that the growth in lending figures helps the small business

owners spread their risks and avoid backlash if it was just from a single bank.

In 2019, Kenyan government, via the central bank, teamed up with five commercial banks to

start a digital product dubbed “Stawi loan app” whose focus is on the small and micro-
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enterprises sector. It offers them unsecured loans of at least Kes.30,000 to Kes.250,000 at 9
percent per annum. This saw a surge in commercial bank’s credit to the private sector of 2.4%
marginal growth to Kes.2.42 trillion in 2018 as compared to 3.9% marginal growth in 2017 to

Kes.2.3 trillion (Letting, 2019).

Knowing bank customers and building specific digital personas for personalized interactions
requires precise data. Financial tools and transaction processing, on the other hand, often
necessitate the sharing of vast amounts of data from a variety of sources. According to reports,
data processing accounts for 92 percent of the cost of doing business in the financial services
industry (Cognizant, 2014). The question whether the commercial banks have the correct credit
score information of their individual customers comes into play, as this will determine the

amount that each lender qualifies for at any given time.

Koki Kinyanzui (2018) study on mobile credit impact on banks performance: Proof from Kenyan
commercial banks, inferred that customer satisfaction was driven by cost effectiveness of the
mobile phone loans, ease of access of mobile phone loans, empathy considerations in accessing
loans, adequacy of the loan sizes, ease of borrowing, security levels, lack of errors and systems
failures, and customer support services. The study further concluded that digital credit
accessibility on commercial banks performance was significantly influenced by transaction costs

as well as knowledge on use of mobile applications to access mobile loans.
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2.3.4 Digital Credit, Bank Size and Financial Performance

Ogweno (2019) aimed at finding out how financial innovations influences financial performance
of Kenyan licensed MFIs. The population of the research was 13 licensed MFIs as of December
31, 2018. Secondary data was obtained on a yearly basis for the last five years (January 2014 to
December 2018). In this cross-sectional study, regression analyses were employed to explore the
link among study's variables. All of these variables were shown to be significant in this study,
including savings accounts and mortgages, as well as the size of a bank. Agency banking, ATM
locations, and capital sufficiency have no statistical significance impact on the performance of

regulated MFIs financially, according to the study.

According to Kamande (2018), electronic banking in Kenya has a negative impact on the
financial performance of commercial banks. In all, he obtained samples from 42 of Kenya's
largest banks. The value of electronic banking transactions done by mobile, internet, agency, and
ATMs was utilized as a predictor variable. The study's response variable was return on assets,
which was used to gauge financial performance. Five years' worth of secondary data were
gathered between January 2013 and December 2017. According to the study's findings, ATMs,
liquidity, capital adequacy, and bank size all had a substantial impact on the outcome of the
investigation. According to the report, commercial bank financial performance was not

considerably impacted by mobile banking or internet banking.

Chirah et al. (2018) investigated the influence of alternative banking channels on the operational
efficiency of commercial Kenyan banks. There were 42 commercial banks in Kenya that had
their populations included in the study. The value of transactions performed through mobile
banking, online banking, ATMs, and banking via agents was used as the study's independent

variable. Efficiency of operations, measured as a ratio of operating costs to total revenue, was
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used as a response variable Over the course of five years, beginning in January 2013 and
concluding in December 2017, secondary data was collected yearly. Liquidity was shown to
have a positive and statistically significant value in this investigation. Commercial bank
operational performance is not influenced by ATMs; agency banking; mobile banking; internet

banking; firm size; and capital structure, according to the study.

This study used digital credit index in testing digital credit effect on commercial banks
performance alterations when moderated via bank size. Total assets natural logarithm measured

Bank size.

2.4 Literature and Research Gaps Summary

Reviewed literature has shown a common methodological approach to the empirical study on
competitive intelligence. Most of the studies reviewed were either qualitative or exploratory or a
mixed approach. There was also a concern and a need to carryout ethnographic study in order to

deeply explore the construct of competitive intelligence and its organizational outcomes.

Table 2.1: Summary of Empirical Review Gaps

Study Researcher | Study Methodolo | Major Knowled | Current
Focus ay findings ge Gaps | Study
Focus
Effect of | Koki Effect of | Literature | Mobile credit This study
mobile Kinyanzui digital sources and | enhanced will focus
credit on | (2018) credit on | primary overall digital
commerci financial | data performance, credit
al  banks performan | collected financial impact on
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2.5 Conceptual Framework

Researchers can better comprehend the results of subsequent studies when they make use of a
conceptual framework diagram (Mugenda & Mugenda, 2003). The independent variable was
solely leaning on the internal operational decisions of the commercial banks on whether to
Provide or not to provide digital of the digital credit. There were MNO loans, website-based
loans, and app-based loans on the list. The independent factors, on the other hand, were intrinsic
to the business, there are other intermediate factors like transaction volumes and moderating
factors such as competition in the industry. The dependent variable was operationalized by loan
book growth, liquidity as well as credit risk. Figure 2.1 illustrates the link between the

independent and dependent variables.

Figure 2.1: Conceptual Framework

Independent Variable Moderating Variable Dependent Variable
Digital Credit
Bank Size Commercial Banks
MNO facilitated loans
: Performance
o  Partnership model e Total assets
e Loan book
Website based loans growth

v

e Value of loans e Liquidity risk

obtained  through profile

internet banking e Credit risk

profile

App based loans
e Value of loans
obtained  through

banks mobile Apps
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Source: Researcher (2020)

Figure 2.1 depicts the conceptual link among dependent, moderating and independent factors.
The independent variable, digital credit scopes, was signified by three variables: MNO assisted
loans, internet based loans, and app based loans. Loan book expansion, credit risk, and liquidity

risk all provide insight into a bank's financial success. The natural logarithm of total assets was

used as a moderating variable.
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CHAPTER THREE: RESEARCH METHODOLOGY

3.1 Introduction

This chapter lavs out the strategv for achieving the studv's objectives. The research
philosophv, research design, data sources, target population, analvtical model,
operationalization, as well as wvariables measurement, data collection instrument, and

regression model, were all developed in order to meet the studv's objectives.

3.2 Research Design

It is a kind of study that focuses on the collecting and analysis of data, according to Arvind and
Vijay (2013). A descriptive survey study may be used to gather information about a population’s
demographics as well as to test hypotheses. (Mugenda & Mugenda, 2003; Cooper & Schindler,
2008; Mugenda & Mugenda, 2003). Since commercial banks would be collecting data from 2012
to 2020, a longitudinal descriptive design was the most appropriate choice for this investigation.
To evaluate the impact of digital credit on bank performance, descriptive survey methods such as

longitudinal and explanatory non-experimental designs were better suited.

3.3 Research Philosophy

In research, a research philosophy is the guiding principle for gathering, analyzing, and applying
data about a phenomenon (Saunders et al., 2007). Most academic research is based on either
positivism or social constructivism, (Bryman &Bell 2003) and (Murya 2010). In global view,
positivism means researchers independence, objectiveness setting and the activities of interest
are external (Levin, 1988). This study therefore anchored on positivism philosophy because

measures of concern are objective, external as well as researcher independent. This research also
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focused on theories drawn from current finance theory, which was then evaluated to see whether

they support or reject the hypothesis.

3.4 Empirical Model

The panel multiple regressions model provided the best fit for this study since the dependent
variable is constant. Each predictor variable's intensity might be determined by examining the
correlations with the other variables. Multiple independent factors and a continuous dependent
variable were examined using panel multiple regression analysis in line with Brooks (2008). The
research on digital credit variables was useful in explaining any variance in loan book growth,

credit risk, and liquidity risk in banking institutions.

3.4.1 Empirical Model for Direct Relationship

Beck (2009) and Mostak and Sushanta (2015)'s generic empirical model, which proved effective

in this investigation, has been adapted as follows:

YAt=0tBXAEFEIE vttt e 3.1

Where

Yit being dependent symbolizing time | performance of bank t represented by ROA.

i denoting the observation (Bank), i= 1-------- 10 while t is the time period t= 2012-------- 2020.

Xit signifies independent variable vector (digital credit),

B is coefficients to be estimated, o a constant term, and €it an error term.

Equation 3.1 was expanded to obtain equation 3.2, 3.3 and 3.4 which was used in estimation.
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Loan book growth it=a+f1MFLit+f2WBLit+B3ABLit+€it. ........cccoveeieinenn.e 3.2

Credit Risk it=0+B1MFLit+B2WBLit+B3ABLit+&it........evviiiiiiiieiena 3.3
Liquidity Risk it=a+B1MFLit+B2WBLIit+B3ABLit +&it.........ccevvevininenininen.s 3.4
Where:

Loan book growth it = measuring the level of loan book of bank i at time t
Credit Risk it = the exposure extent to credit risk for bank i at time t.
Liquidity Risk it= the level of exposure to liquidity risk for bank i at time t.
MFLit = A composite index of MNO facilitated loan i at time t_

WELit = A composite index of website based loan i at time t.

ABLit = A composite index of app based loans i at time t.

o= Constant term.

bs = Coefficients of the explanatorv variables.

git = Error term.

3.4.2 Empirical Model for the Moderated Relationship

Bank size was operationalized as natural logarithm of total assets.

LBGit=0-+B1MFLir+BaWBLir+BsABLi+ B sM+BsMFLiM+BeWBLitM-+B7ABLitM

FEite i, 3.5

CRi=  atPiMFLi+B.WBLi+BsABLi+ B sM+BsMFLiM+BsWBLitM+7ABLiM  +eit
................. 3.6
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LRi=  atPiMFLi+BWBLit+B3ABLit+ B sM+PsMFLiM+BsWBLitM+B7ABLitM ~ +=it

................. 3.7

M=Moderating variable (Bank size)

The entire variables were standardized utilizing the moderating variable (M). The interaction
terms (BsMFLiM, BsWBLitM, and BsABLitM) were determined via the compute function as
expressed in models (3.5, 3.6 and 3.7). If Bs, Ps andP7 are significant, moderation effects exist in
the three relationships. If only one is significant, moderation effect only exists in one of the
relationships and if all Bs, Bs and B7 are insignificant, no moderation effect exists and M becomes

just another independent variable (Kinyanzui, 2018).

3.5 Operationalization and Measurement of VVariables

The study's main variables (independent and dependent variables) was identified and
operationalized in this segment. The operationalization was focused on the current study's use of

the variable. The measurement criteria used was also defined.

Table 3.1: Operationalization and measurement of variable

Variable Type Operationalization Measurement

MNO Independent Loans advanced to | Value of MNO facilitated
facilitated telecommunication network | loans

loans customers by banks who

have partnered with the
telecommunication
network

35




Website based | Independent Loans issued by banks | Value of website based loans
loans through the use of internet
and telecommunication
networks remotely to bank
customers on
the banks domain server.
App based | Independent Loans advanced by banks to | Value of App based loans
loans their customers from the
banking apps installed from
the Kenya Google Play
Store
Loan book | Dependent The collective value of | Loan book value
growth loans held by a bank for
repayment
Liquidity risk | Dependent Capacity of the bank to | Liquid assets to total assets
profile meet short-term financial
commitments as  they
mature
Credit risk | Dependent Loans' contribution to the | NPL to total loans
profile bad loans book, as well as
the benefit it adds to the
total allowance for bad
debts
Bank size Moderating Total assets held by a bank | Natural logarithm of total
assets

3.6 Target Population

From 2012 to 2019, 38 commercial banks in Kenya were the subject of this investigation. As

shown in Table 3.2, Kenyan commercial banks were divided into three categories: big, medium,

as well as small.
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Table 3.2: Target population Distribution

Peer Groups No. of banks % of total
Large 8 21.1
Medium 11 28.9
Small 19 50

Total 38 100

Source: CBK (2021)

3.7 Sampling Design

Sampling, as per Gay (1992), is the method of choosing a group of people for a research in a
manner that they reflect a representation of population where they were chosen. There are 10
banks in the 38 Kenyan Commercial banks which have adopted digital credit but the study only
focused on the five largest banks in terms of digitization strategy and growth in loans, that is,
NCBA, Equity bank, KCB, Cooperative bank and Barclays bank (currently known as Absa)

constituting 13% of all the banks.

3.8 Data Collection Instruments

Panel data from secondary sources for the years 2012 through 2020 was consulted. Survey
Sheets were used to keep track of the information (See Appendix Il1). Commercial banks'
publicly accessible audited financial statements, the CBK's economic assessment and banking
supervision reports, and the NSE's reports on the financial sector were used to compile the

secondary panel data for this study.

3.9 Data Collection Procedure

An additional panel of five Kenyan commercial banks between 2012 and 2020 was studied.

Banks that had missing or incomplete data were omitted from the investigation altogether. For
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this study, we chose the time period because of data availability and a rise in digital credit use.
The data was based on audited accounts submitted to the CBK by selected commercial banks, as
well as annual CBK publications such as banking supervision reports and economic review

reports.

3.10 Data Analysis and Presentation

Descriptive and panel multiple regression analysis were used to analyse the data. To summarize
and profile the state of digital credit, commercial bank performance, and bank size, descriptive
statistics were used. Panel multiple regression analysis was used to examine the association
between digital credit and commercial bank performance in Kenya, as well as the moderating

influence of bank size.

3.11 Diagnostic Tests

Prior to analyzing the data, the following tests were conducted to ensure that OLS assumptions

were not violated.

3.11.1 Correlation analysis

This was done to see whether there was a correlation between the studies' expected variables and
their predicted ones. It begins with a negative correlation coefficient and goes up from there. A
significant correlation coefficient shows that the trajectory of the two variables is similar.
Correlation co-efficients may have a positive or negative sign. There is no correlation between
the variables when the coefficient is zero (Guajarati, 2004). Using Pearson's correlation,
correlation coefficients of significance were reported for each correlation test. P-values were

used to express the degree of significance. A statistical significance level of less than 0.05
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indicates that the two variables are linearly connected. As an example, a significance level of
0.50 or above suggests a non-linear relationship between the two variables.

3.11.2 Multi-collinearity

This denotes a high degree of interdependence among the independent variables. In order to
eliminate the multi-collinearity issue, it is necessary to discard the variable with the highest
absolute correlation coefficient in favor of the one with a lower value. Correlation coefficients
less than 0.8, according to Guajarati (2004), indicate that an issue is not significant and should be
disregarded. More than 0.8, on the other hand, suggests a significant level of multi-collinearity
that need correction. The Variance Inflation Factor (VIF) was used to test for multi-collinearity.

3.11.3 Normality Test

To determine whether the standard errors are influenced by the conditional mean or not, a
normality test is often used (Chmelarova, 2007). The test was conducted using the Jaque-Bera
test statistic. The skewness and kurtosis of properly distributed data are about equal. According
to the null hypothesis, data distributions are normally distributed, whereas the alternative
assumption is the opposite, which claims that data distributions are not normally distributed.
Researchers should reject null hypotheses if the J-B value is little because the data are normally
distributed, even if the value is large (Zikmund et al., 2012). The unusual data would need a

logarithmic modification.

3.11.4 Stationarity Test

Regardless of where a series is picked from, it will always have the same joint distribution of a
random collection of variables, regardless of how many variables are selected at random

(McKenzie, 2011). Even though the sample period has been modified, the means of stationary

39



data will always remain constant, but the means of non-stationary data will fluctuate, causing
panel data to be skewed asymptotically. A false regression with non-stationary and independent
time series components is possible, resulting in high coefficients of determination and
suppressed Durbin-Watson scores (Crossman, 2003).

3.11.5 Heteroscedasticity Test

Heteroscedasticity testing was used to determine whether the variance of the standard error term
was constant. A violation of the assumption occurs if the findings are different. The researcher
used the white test of statistics, in which the total of errors is expressed as a function of the
model's predictors and regressed using the least-squares technique of estimation. All of the
model's co-efficients should equal zero if there is no heteroscedasticity (Pesaran, 2004). A box-
cox transformation was used if heteroscedasticity had been found to be present.

3.11.6 Autocorrelation

Autocorrelation is considered to be zero in a linear regression model. Positive or negative
autocorrelation is possible. Standard errors are modest if positive, which implies that the
predictions of the predictors are more accurate than they really are (Wang, 2013). Rather than
rejecting the null hypothesis, which is erroneous, the researcher is likely to do so.
Autocorrelation errors lead to incorrect predictions because of inefficient coefficients. Panel data
autocorrolation was evaluated by comparing its results to cross-dependence in panel data using
the Pesaran method. Autocorrelation (cross-sectional dependence) may occur if the test is found
to be significant (Pesaran, 2004). By lagging the dependent variable, data that had cross-sectional

dependence was halted.
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3.12 Ethical Consideration

Researchers at Kenyatta University are bound by their agreements. After receiving university
clearance, the researcher gathered the previously mentioned secondary data. Because of this, the
researcher was able to meet the standards of Kenyatta University and NACOSTI for the
safeguarding of data. A further obligation placed on the researcher was the responsibility of
maintaining the confidentiality of all institutions used to gather and analyze the data so that it

could only be used for the purposes of this investigation.
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CHAPTER FOUR: RESEARCH FINDINGS AND DISCUSSIONS
4.1 Introduction

Data analysis findings are shown in this section. Correlational and multiple regression analyses

are included in the descriptive statistics reported. The results were also discussed in this chapter.
4.2 Descriptive Analysis
In Table 4.1 the results or the descriptive analysis were provided.

Table 4.1: Descriptive Results

N Minimum  Maximum Mean Std. Deviation
Value of MNO based 102,329,29
loans (shs) 45.00 6,094,202 9 44,469,422.59 23,876,967.85
Value of Website
based loans (shs) 45.00 2,436,280 78,174,794 30,090,745.56 17,373,945.54
Value of App based
loans (shs) 45.00 2,391,706 63,795,521 24,606,795.37 15,500,738.32
752,284,68 363,242,055.8 145,775,164.5
Total assets 45.00 116,193,905 0 2 3
Liquid assets 45.00 2,193,000 24,335,332 7,169,934.78  3,395,713.47
101,516,53
NPL 45.00 3,579,909 8 29,172,945.54 26,852,981.67
504,848,62 209,920,811.9 100,620,867.8
Total loans 45.00 36,667,386 8 7 6

The descriptive analysis results showed that the value of Mobile Network Operator loans for the
five banks in the 9 years period ranged from Shs 6 million to Shs 102 million. The mean MNO
based loan was Shs 44,469,422.59 with a standard deviation of Shs 23,876,967.85. This meant
that there were some banks which registered way above the mean MNO loans and those that

registered way below the mean for some years.

Regarding the value of website based loans form the five banks analyzed it was shown that the
minimum was slightly above 2 million and the maximum was Shs 78 million. The mean of
website based loans was shs 30,090,745.56 and the standard deviation was Shs 17,373,945.54.
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The value of website based loans was however seen to be lower than for the mobile network

operator based.

App-based loans totaled between Shs 2 million and 63 million throughout the nine-year period,
according to the data. The average value of app based loans was Shs 24,606,795.37 and the
standard deviation was Shs 15,500,738.32. The value for app based loans was lowest among all
the loans. This implied that among the five banks most customers use the mobile network

operator to access loans more than they do for website and apps.

The amount of total assets ranged between 116,193,905 and 752,284,680 averaging at
363,242,055.82 with a standard deviation of 145,775,164.53. Liquid assets ranged from
2,193,000 to 24,335,332 with a mean of 7,169,934.78 and a standard deviation of 3,395,713.47.
More over the value of non-performing loans ranged from 3,579,909 to 101,516,538 and
averaged at 29,172,945.54. Total loans on their part were ranging between 36,667,386 and

504,848,628 and averaged at 209,920,811.97.

4.3 Inferential Analysis

The inferential statistics that were analyzed included the correlation and multiple regression

analysis.

4.3.1 Correlation analysis

The matrix in Table 4.2 show the correlation analysis results
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Table 4.2: Correlation Matrix

Mobile Website- App
Financial Network Based Based
Performance Operator Loans Loans
Financial
Performance Pearson Correlation
Sig. (2-tailed)
Mobile
Network Pearson
Operator Correlation B09*==
Sig. (2-
tailed) 0.000
Website-Based Pearson
Loans Correlation 731%* 4TTE=
Sig. (2-
tailed) 0.000 0.001
App Based Pearson
Loans Correlation A0g** S3TF= AQy*=
Sig. (2-
tailed) 0.001 0.000 0.006

** Correlation is significant at the 0.01 level (2-tailed).

According to Table 4.2, a positive change in mobile network operator based loans will lead to a
favorable change in the financial performance of commercial banks, as shown by the positive
correlation between the two variables. This is further supported by the findings, which show that
website-based loans are favorably associated with financial success. This implies, then, that
commercial banks will benefit from increasing their website-based loan portfolios. Commercial

banks' financial performance may also be improved by improving their app-based loans, which

has a favorable association with the financial performance.
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4.3.2 Diagnostic Tests

The diagnostic tests were performed to evaluate the regression analysis assumptions. They
included the test for multicollinearity, normality test, test for stationarity, heterosedasticity and

autocorrelation tests.

4.3.2.1 Multicollinearity

The Variance Inflation Factor (VIF) was used to test for multicollinearity (VIF). The existence of
multicollinearity is indicated by a VIF greater than 10 and a tolerance statistic below 0.2. Table

4.3 shows the findings for multicollinearity.

Table 4.3: Variance Inflation Factor Test for Multicollinearity

Unstandardized Standardized Collinearity
Coefficients Coefficients T Sig. Statistics
Std. Toleranc

B Error Beta e VIF
(Constant) 3.304 0.633 5.218 0.000
mobile network
operator 0.142 0.06 0.283 2.375 0.022 0.631 1.584
website-based
loans 0.458 0.092 0.547 4.978 0.000 0.741 1.349
App based loans 0.056 0.052 0.122 1.068 0.292 0.683 1.465

According to the results all the variables depicted VIF values less than 10 and tolerance values
above 0.2. Hence t was deduced that the data did not suffer form the problem of multicollinearity

and was therefore fit for regression analysis.

4.3.2.2 Normality Test

The normality test which tests if data is normally distributed was assessed using the Skewness
and Kurtosis. Skewness statistic values in the range -1 to 1 show that the data is normally
distributed while Kurtosis values in the range -2 to 2 show normal distribution. Table 4.4
contains the results for the normality test.
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Table 4.4: Skewness and Kurtosis Tests for Normality

Min. Std.
N Stat Max. Mean Dev. Skewness Kurtosis
Std.
Statisti Std. Erro
c Stat Stat Stat Stat Error Stat r
financial
performanc 0.25202 0.69
e 45 8.09 9.261 8.50438 4 0.79 0.354 1.17 5
mobile
network 0.50257 0.17 0.69
operator 45 7.393 9.244 8.20124 7 8 0.354  -1.226 5
website- 0.47 0.69
based loans 45 7.305 8.437 7.81442 0.30073 5 0.354 -0.789 5
App based 0.55412 0.12 0.69
loans 45 7.187 8.997 8.18729 8 5 0.354 -1.175 5

The results showed that for all the variables the Skewness statistic values were in the range of -1

to 1 and all Kurtosis values were in the range -2 to 2 . The data was therefore normally

distributed and hence the data was fit for a multiple regression analysis.

4.3.2.3 Heteroscedasticity Test

The test for heteroscedasticity was performed through the Breusch Pagan test. For the test a p

value > than 0.5 shows that the data s homoscedastic and fit for regression analysis. The results

were as in Table 4.5

Table 4.5: Breusch Pagan Test for Heteroscedasticity

Sum of Squares df Mean Square F Sig.
Regression 0.005 3 0.002 0.486 .694b
Residual 0.127 41 0.003
Total 0.132 44

The p value for the Breusch Pagan Test was 0.694 which was >0.05. Hence the data did not

suffer from heteroscedasticity and was fit for multiple regression analysis.
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4.3.2.4 Autocorrelation

Test for autocorrelation was assessed by the Durbin-Watson test. For Durbin-Watson values in
the range 1 to 2.5 show no autocorrelation while values less than 1 and above 2.5 may be a cause

of alarm. Results were shown in Table 4.6.

Table 4.5: Durbin-Watson Test for Autocorrelation

Mode R Adjusted R Std. Error of the Durbin-
I R Square Square Estimate Watson
.796
1 a 0.633 0.606 0.158156 1.217

The Durbin—Watson value was 1.217 which was in the acceptable range indicating that the data

did not suffer from autocorrelation and could therefore be used to carry out a regression analysis.

4.3.3 Multiple Regression Analysis

This study's goals might best be assessed via the use of multiple regression. Tables 4.7, 4.8, and

4.9 show the results.

Table 4.7: Model of Fitness

R R Square Adjusted R Square Std. Error of the Estimate

.796a 0.633 0.606 0.158156

According to the R square, the coefficient of determination was 0.633. There was a 63.3 percent
variance in the dependent variable financial performance due to the independent variables mobile
network operator based loans, website-based loans, and app-based loans. The remaining 36.7

percent might be accounted for by other factors that were not examined in this research.
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Table 4.8: Analysis of Variance

Sum of Squares df Mean Square F Sig.
Regression 1.769 3 0.59 23.576 .000b
Residual 1.026 41 0.025
Total 2.795 44

From the results in Table 4.8 the independent variables statistically and significantly predict the
dependent variable (F (3 41) = 23.576 p <0.05). It was therefore deduced that the overall

regression model was a good fit.

Table 4.9: Regression Coefficients

Standardize

Unstandardized d
Coefficients Coefficients t Sig.
Std.

B Error Beta
(Constant) 3.304 0.633 5.218 0.000
Mobile Network
Operator 0.142 0.06 0.283 2.375 0.022
Website-Based Loans 0.458 0.092 0.547 4.978 0.000
App Based Loans 0.056 0.052 0.122 1.068 0.292

From the results in Table 4.9 the Beta coefficient for the variable mobile network operator based
loans was 0.142 and the p value was 0.022<0.05 revealing that the statistical relationship
between mobile network operator based loans is significant. It was therefore deduced that all
other variables held constant the variable mobile network operator based loans leads to a 0.142
variability n financial performance. Also, the beta coefficient was 0.458, and the p value was
0.000<0.05, indicating that the association between the variable website-based loans and default
rates was significant. We may conclude from this that the variable website-based loans affect
financial performance by 0. 458 percent. While Kamande (2018) found mobile banking and
internet banking to be statistically unimportant commercial bank financial performance factors,

the conclusions of this study differed. The findings did not also agree with those by Chirah
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(2018) who established that mobile banking, internet banking, firm scale, and capital structure
are statistically insignificant determinants of commercial bank operational performance,
according to the research. The variable application-based loans, on the other hand, had a positive
coefficient but a p value less than 0.05. (0.292). This implied that although the variable app
based loans leads to a positive change in the financial performance the relationship was not
significant. The study findings were connected with the findings by Koki Kinyanzui (2018) who
established that customer satisfaction was driven by cost effectiveness of the mobile phone loans,
ease of access of mobile phone loans, empathy considerations in accessing loans, adequacy of
the loan sizes, ease of borrowing, security levels, lack of errors and systems failures, and

customer support services.

4.3.4 Moderation Effect of Bank Size

Table 4.10: Model Fitness after Moderation

Model R R Square Adjusted R Square Std. Error of the Estimate

1 .677a 0.458 0.419 0.192139

The results showed that after moderation the R square reduced to 0. 458. This mpled that the

moderating variable reduces the prediction of the dependent variable.

Table 4.11: ANOVA after Moderation

Sum of Squares Df Mean Square F Sig.
Regression 1.281 3 0.427 11.567 .000b
Residual 1.514 41 0.037
Total 2.795 44

The overall model was also significant after moderation (p=0.000).
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Table 4.12: Regression Coefficients after Moderation

Standardized

Unstandardized Coefficients Coefficients t Sig.
Std.
B Error Beta

2429 0.00

(Constant) 8.624 0.035 5 0
MNOxBank 0.15

Size -0.053 0.036 -0.205 -1.458 2
WBL xBank 0.16

Size -0.035 0.025 -0.189 -1.408 7
ABLxBank 0.00

Size -0.18 0.045 -0.491 -4.022 0

On the moderating effect of the moderating variable on the relationship between the individual
modes of digital credits the results showed that with the introduction of the moderating variable
the relationship between mobile network operator variables and financial performance was
negative and insignificant. The relationship between the website based loans and financial
performance in the presence of the moderating variable was also negative and insignificant.
More so the relationship between the apps based loans and the financial performance was also
negative and not significant. These findings suggest that commercial banks' financial
performance and digital credit have a somewhat unfavorable, but not statistically significant,
link. According to Kamande (2018), agency banking, ATMs, liquidity, capital adequacy, and

bank size all had a considerable beneficial influence on bank profitability.
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CHAPTER FIVE: SUMMARY, CONCLUSIONS AND RECOMMENDATIONS

5.1 Introduction

This last chapter summarized the investigation and its results. The results of the research, as well
as the suggestions, were also covered throughout the presentation. There was a recommendation

for more study in the section.

5.2 Summary of the Study

It was the purpose of the research to determine how digital credit affects Kenyan commercial
banks' financial performance. Specifically, we wanted to see how mobile network operator-
facilitated loans affected the financial performance of selected Kenyan commercial banks; how
website-based loans affected selected Kenyan commercial banks' financial performance; how
app-based loans affected Kenyan commercial banks' financial performance; and whether bank
size moderated the relationship between digital credit and bank performance. Those were our

specific goals. Descriptive surveys and positivism were used in the research.

Thirty eight commercial banks were targeted where only five were sampled for the study. For a
period of nine years from 2012 to 2020, data was gathered from the central banks and the
Nairobi Securities Exchange's five bans websites. In addition to descriptive and correlation and
regression analysis, the data was analyzed. The diagnostics tests for the assumptions of
regression analysis were also assessed. All the assumptions were fully met and the data was fit

for multiple regression analysis.

The results revealed that mobile network operator based loans were the highest in terms of the
values for the 9 years among the five banks followed by loans based on the website and finally
the app based loans. There was a strong association between the independent variables mobile
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network operator-based loans, websites, and applications, according to covariance analysis. The
regression study indicated a positive link between mobile network operator-based loans and
website loans, even if app-based loans were not statistically significant for financial success. The
scale of the prohibition has a significant and negative impact on digital credit and financial

performance.

5.3 Conclusion

The conclusions of this study were based on the findings of the study.

5.3.1 Mobile Network Operator Facilitated Loans and Financial Performance

The study concluded that mobile network operator from commercial banks is the most adopted
form of loan access among other digital loans. Commercial banks' financial performance will
improve as a consequence of a positive change in the value of mobile network operator-based
loans, as demonstrated in the correlation analysis. The research also found that mobile network
operator loans have a favorable and substantial impact on financial success. Therefore increasing
the use of mobile network operator to access loans form commercial banks will result in
increased financial performance of bans as a result in increased loans liquidity rips profile and

credit risk profile.

5.3.2 Website-Based Loans and Financial Performance

Results show that website-based loans from commercial companies are used less often than
mobile network operator-based loans, but they are more frequently used than app-based loans.
The financial performance of commercial banks in Kenya is expected to improve as a result of an
increase in website-based loans from commercial banks. Furthermore, commercial businesses'
financial success is positively and significantly linked to website-based loans. According to the
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findings of the research, the bans' financial performance would improve if they take up more

loans from commercial banks through websites.

5.3.3 App Based Loans and Financial Performance

According to the findings this study concludes that for most commercial banks the use of app
based loans by customers is lowest compared with mobile based network operator and websites
which means that customers make less use of apps for loans. In addition, the research found that
commercial banks' financial performance improves when they provide app-based loans.
However, the correlation between app-based loans and financial success is not substantial. As a
consequence, growing usage of ape-based loans by consumers may not have a substantial effect

on the financial performance of commercial banks.

5.3.4 Moderation Effect of Bank Size on the Association between Digital Credit and

Financial Performance

Commercial banks' financial success affects the relationship between digital credit and bank
performance, according to studies on the moderating role of bank size. The relationship between
digital credit and financial success has been demonstrated to be negatively affected by a rise in
bank size, as measured by total assets. As a consequence, it may be argued that even while bank

size moderates the connection, its influence may not be big enough to be seen.

5.4 Recommendations

Recommendations made by the research were as follows:

5.4.1 Mobile Network Operator Facilitated Loans and Financial Performance
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Mobile network operator-facilitated loans favorably and strongly predicted the financial
performance of commercial banks, according to the research. Therefore, it is advised that
commercial banks implement initiatives aimed at growing the use of mobile network operator
loans by commercial banks. This can be harnessed by lowering the charges involved as well as
the interest rates for such loans. The central banks is also recommended to formulate polices
regarding the use of mobile network operator loans that will positively impact the banks on the
issue of mobile loans. The central banks should also provide guidelines regarding the lending

through mobile networks which will guide the commercial bans on the same.

5.4.2 Website-Based Loans and Financial Performance

Commercial banks' financial health has been shown to be significantly improved by website-
based loans, according to research. Therefore banks are recommended to improve in the services
through the website that will encourage customers to make use of the website to lend from the
banks. They can achieve this by way of simplifying the process reducing the charges on
borrowing through the website as well as the interest incurred. The commercial banks can also
come up with attractive promotions that will further attract customers to lending through the
website. The central banks is also recommended to provide polices on website based loans that

will guide banks on the delivery of such services through the website.

5.4.3 App Based Loans and Financial Performance

The financial performance of commercial banks was shown to have a favorable, although not
statistically significant, association with app-based lending. That's why we urge that commercial

banks seek for new and improved methods of lending through mobile applications. The
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commercial banks should also research more on the best way to use apps which may bring higher
returns where app based loans are not working. The central banks of Kenya is also recommended
to come up with better polices regarding use of apps for borrowing and lending which will

harness the service.

5.4.4 Moderation Effect of Bank Size

Digital credit and financial performance are shown to be adversely and insignificantly moderated
by ban size. Therefore, it is suggested that commercial banks devise methods to guarantee that
when bank assets rise, they enhance the use of digital lending in order to promote financial
performance rather than impair it. They can do so by use of lower charges on digital lending as
the ban grows in terms of assets. This will ensure that the growth in digital credit go hand in

hand with the growth in the size of banks.

5.5 Suggestion for Further Research

Commercial banks in Kenya were surveyed for the research. Future researchers can further the
research by adopting it in other financial institutions such as microfinance institutions which may
have differing results due to the differences the operations and challenges faced in adopting the
digital credit. Scholars may also consider adopting the study among digital lenders which has

been on the rise and who operate in different environments form the commercial banks.

The study made use of a survey design and also collected secondary data. Future studies can be
conducted making use of other designs such as exploratory method which may shed more light
on the topic. The use of primary data may also lead to increased knowledge on the topic.
Finally, the study's findings show that app-based loans have no effect on financial success.

Future researchers may consider investigating this relationship further for more clarification.
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APPENDIX I: SELECTED COMMERCIAL BANKS IN KENYA

ABSA Bank Ltd

NCBA Bank Ltd

KCB Group Ltd

Equitv Group Holdings

The Co-operative Bank of Kenva Ltd

60



APPENDIX Il: DATA COLLECTION SHEET

Year

Value of MNO
based loans
(shs)

Value of
Website
based
loans (shs)

Value of
App based
loans (shs)

Total
assets

Liquid
assets

NPL

Total
loans

2012

2013

2014

2015

2016

2017

2018

2019

2020
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APPENDIX I11: WORK PLAN

ACTIVITY April May June July August

2021 2021 2021 2021 2021

Proposal
development

Pilot Testing
Collection of Data
Analvsis of Data
Writing Feport

Submission
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APPENDIX V: RESEARCH BUDGET

Description of Item Kshs
Stationery 3500
Printing services 9500
Binding 9000
Travel charges 5000
Data collection costs 10000
Miscellaneous 12000
Total 49, 000
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